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 |terative Lukas-Kanade Algorithm

1. Estimate velocity at each pixel by solving Lucas-
Kanade equations

2. Warp I(t-1) towards I(t) using the estimated flow field
- use image warping techniques

3. Repeat until convergence

* From Khurram Hassan-Shafique CAP5415 Computer Vision 2003
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J. Wang and E. Adelson. Layered Representation for Motion Analysis. CVPR 1993.
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J. Shi and C. Tomasi. Good Features to Track. CVPR 1994.
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D. Ramanan, D. Forsyth, and A. Zisserman. Tracking People by Learning their Appearance. PAMI 2007.
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