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Highlights and Summary
• A novel model for human action categorization 
from video sequences.
• Our model can be characterized as a constellation 
of bags-of-features.
• Use of hybrid features: combines both static 
shape and spatio-temporal features.
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Conclusions
• The constellation of bags-of-features is able to 
capture semantic information of human action 
classes.
• Combines hybrid features: static shape features 
and dynamic motion features.
• Capable of classifying in both frame based and 
video based manner.
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Local feature layer term:

• Large number of features from the 
bag-of-features model
• Strong shape representation from the 
constellation model.

Experimental Results
• 9 action classes,
performed by 9
subjects [Blank et al 2005]
• Leave one out
cross-validation
• Video Classification
performance: 72.8% 
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• M-Step:

• Classify actions in both frame based and video 
based manner
• Video classification based on majority votes of 
frames
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